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1. Executive Summary and Recommendations  
This report summarises findings from a student-led participatory research project conducted 
in summer 2025. The research aimed to understand social science postgraduate students’ 
perspectives on the use of generative artificial intelligence (genAI) in their PhD research. We 
collected quantitative and qualitative data via a questionnaire (n=309 responses) and 6 
online focus groups.  

Key findings  

• GenAI use is now common among social science PhD students, with over three-
quarters (77%) reporting some use, and over one third (36%) using genAI tools at 
least weekly. Use ranges from light-touch proofreading to custom-built tools 
embedded in research workflows, and the most common tasks are to support writing, 
literature review/scoping, and as a research assistant for brainstorming, checking 
concepts, and troubleshooting coding problems. 

• Use is highly individualised and largely self-taught, shaped through experimentation 
rather than formal training or guidance.  

• Attitudes towards genAI span a continuum from enthusiastic adoption (rare) to 
outright rejection (around one quarter). From the survey data, there are no clear 
disciplinary or cohort patterns in adoption or attitudes.  

• Students drew clear distinctions between ethically legitimate support roles for genAI 
(which included task alleviation, helping with expression, idea development) and 
illegitimate uses (original knowledge generation, meaning-making from data, and 
uploading data), which were believed to undermine the core purpose of doctoral 
research. 

• Ethical responsibility is experienced as highly personalised and often anxiety-
producing, with students feeling personally accountable in the absence of clear 
institutional rules. This uncertainty can be compounded by fears of judgement, 
misconduct, and inconsistent expectations. 

• GenAI is rarely discussed within supervisory teams, with only one in five students 
reporting any open conversation. Silence, avoidance, and uneven supervisory 
knowledge contribute to uncertainty and missed opportunities for shared learning. 

 

Recommendations  

o There is a need for clearer, more coordinated guidance and training for students, 
which consistent within and across institutions, co-designed with PhD 
researchers, and aligned with funders and learned societies. 

o Training should combine critical AI literacy with practical, discipline-relevant skills, 
avoiding hype, while preparing students for future academic and non-academic 
careers.  

o A multi-generational approach—engaging both supervisors and students—was 
widely supported. 

o Inclusion of PhD students in shaping ethical norms, policy responses, and the co-
design training provision is important.  



2. Introduction- GenAI and the PhD student 
Use of generative AI (genAI) has the potential to progress, disrupt or otherwise transform 
many workflows, including the process of academic research. Universities are scrambling to 
keep pace with technological developments and practical use cases for genAI. Until recently, 
guidance for students from universities has tended to be negatively framed and regressive, 
aimed at regulating or restricting use of genAI in taught assessments to maintain academic 
standards and integrity.  

Postgraduate researchers (PGRs), as early career academic researchers who are also 
assessed, are something of a hybrid, liminal group, who have tended to be de-prioritised when 
it comes to university guidance and training on GenAI. In summer 2024, the Scottish Graduate 
School for Social Science (SGSSS) conducted a scoping exercise of genAI guidance for PGRs 
and found very few examples. At that time only one Scottish institution had any PGR-facing 
guidance or training on AI. Lately, more open and positive stances are emerging which support 
responsible use, and ask PGR students to consider the opportunities and risks in a more 
balanced way (e.g. University of Edinburgh’s guidance).  

At the same time, key funders like the Economic and Social Research Council (ESRC) 
recommend that all social science PGR students should receive training around AI. The 
Scottish Graduate School for Social Science (SGSSS) team therefore designed this student-
led participatory research to better understand the gap and how to design training to meet it.  

PGRs are an interesting group to consider in terms of genAI use because they a) represent 
the most independent and critically aware of all student groups, b) straddle the 
student/researcher communities thus have a dual perspective, and c) represent ‘the next 
generation’ of the academic community, and may be more likely to embrace or explore uses 
than former cohorts of professional academics, including their supervisors.  

The mixed methods research aimed to address the following questions:  

• How do social science PhD students engage with and perceive generative AI tools?  
• How do they handle risks and opportunities?  
• What are their needs in terms of training and guidance? 

 
3. Methods  

 
3.1 Online survey  

An online questionnaire was developed using Qualtrics which consisted of 18 closed- and 
open-ended questions, covering basic details (discipline, year of study, funding), current genAI 
practices, training needs, discussion with supervisors and the role of institutions (see Appendix 
A). The survey was anonymous, except for those who consented to be recontacted who gave 
their names and email addresses. The survey opened in late May 2025, was promoted on the 
SGSSS weekly newsletter, cascaded around Scottish institutions by contacts in the SGSSS 
Deans network. In June we received an ethical amendment approval to circulate the survey 
around social science students in the rest of the UK; thereafter it was promoted by training 
leads at other ESRC funded DTPs in England, Wales and Northern Ireland. Student responses 
were received between May-November 2025.  

https://information-services.ed.ac.uk/computing/comms-and-collab/elm/generative-ai-guidelines-for-students/generative-ai


After data cleaning, we had 308 survey responses (52% from Scotland, 48% from rest of UK), 
from student cohorts starting between 2020-2025. Most of the social science Units of 
Assessment (UoAs) in SGSSS were represented (Figure 1).  

 

Figure 1: Survey sample, showing year started PhD (A) and social science discipline 
(B) (n=308) 

 
NB. In panel B, within the ‘other’ category the largest groups were students taking health related 
subjects (applied health sciences, public health, global health), criminology, and international 
relations.  

 
3.2 Student-led focus groups  

In June 2025 we invited survey respondents who said they were interested, to take part in a 
focus group. We held three online focus groups in June using Microsoft Teams, moderated by 
Student Associate Officers of SGSSS (co-authors CS and DS). After considering the data from 
the survey and first three focus groups together, we reflected that we had tended to get very 
AI-positive respondents in the focus groups. We initiated a campaign through JISC and the 
SGSSS Weekly newsletter to recruit ‘AI concerned’ students for further focus groups to gather 
a balanced perspective. This was successful and we held a further 3 online focus groups. We 
used a similar topic guide for both (see appendix B). In total, 23 PhD students took part in the 
study across 6 focus groups (groups ranged from 2-7 students at a time).  

 
3.3 Analysis  

Quantitative survey data were cleaned and summarised in STATA 16 and R Studio (for 
graphs). Qualitative responses from surveys and focus groups were transcribed using Teams, 
manually checked, and analysed using thematic analysis in NVivo 14/15 using both deductive 
and inductive approaches. Themes were discussed and agreed across the research team. 
Data were anonymised/made confidential and prepared for open access sharing via the UK 
Data Service.  

 



3.4 Ethical approval  

The research received ethical approval from the University of St Andrews University Teaching 
and Research Ethics Committee (approval number GG18402), a subsequent amendment to 
circulate the survey in the rest of the UK was approved on 24th June 2025.  

 
4. Results 
 
4.1 Current practice: How is genAI being incorporated into the PhD process?   

Use of genAI use is relatively common. Of the survey respondents, 236 (77%) had used genAI 
at least once for their studies, with 11% being daily users, and 25% using the tools weekly.  

Figure 2: How often students used genAI tools for the studies (n=308)  

 
Commonly used software were ChatGPT, Claude, Google NotebookLM, Perplexity, and 
Grammarly. Microsoft Copilot and Google Gemini – despite being embedded in common 
software systems – were very infrequently mentioned. Many students noted that genAI is 
embedded in standard tools anyway (e.g. Google Scholar).  

The most common tasks mentioned were writing, literature review/scoping and ‘other’ tasks 
(which largely comprised tasks like checking arguments, brainstorming, troubleshooting 
coding issues, etc)  



Figure 3: Most common tasks PhD students used genAI tools for (multiple responses 
allowed) (survey responses n=308) 

 
 

Examples of how genAI is used in the PhD process ranged from light use for proofreading 
(likened to spell checkers in Microsoft Word) to advanced programming of custom bots to 
automate aspects of the analysis and knowledge generation process.  

Handling literature: scoping, organising literature, summarising, making connections, 
automating mundane tasks (e.g. removing duplicates) e.g:  

“I had some excellent training from the library on using their own systems, but at times 
you just want a quick and dirty search. So I've used that using citation maps a few 
times. The library tells me that if I use their tools, they are better, but I find I much prefer 
to use the AI, where I can talk about things and just drag and drop, rather than trying 
to shoehorn myself into some of the library systems” (focus group respondent) 

“to summarise articles, particularly using Google's …notebook LM, to try and filter 
things for me, because we know how many papers that we always see, how many 
articles” (focus group respondent) 

“if I have a lot of papers, need to read understand at same time, sometimes it's difficult 
part to understand, so I ask AI to help me to summarise the key points” (focus group 
respondent) 

“But on top of those 11 books, I read another 100, but I've researched another 300 
with articles, books. You know, like you save hundreds of references on the subject. 
You read 5,6,7,8, you work with them. But then with AI, I managed to go through 
everything, and that was extraordinary.” (focus group respondent) 

Organising and refining ideas: a conversation partner, collaborator, brainstorming, 
prompting critical thinking, acting as a subject-matter expert for unknown areas, as a reflective 
journal,  

“I have an AI agent, which I'm continuously training for a year, teaching them about it, 
and now I can use that …that's now like an specific AI, a specific GPT that you can, 
you can ask, and it teaches you what you about the framework, and also applies the 
framework … that was extremely helpful, because I played the AI, for example, when, 



when someone asks you what this concept is, don't tell them what the concept is, the 
definition, but ask them three questions that will help them get to the answer, the 
Socrates dialogue stuff” (focus group respondent) 

“Start thinking with it, but not taking its answers as final. I might use it to sort of 
just mirror and stand and unpick my own thoughts on topics” (focus group respondent) 

Handling data: transcribing, cleaning and data wrangling,  

“I mean, all my interviews have been on Teams, so the transcription comes back very 
quickly, and then the that takes the heavy lifting out of that.” (focus group respondent) 

“I use it for programming, because the focus of my PhD is not like to filter data. The 
focus is really to do this qualitative analysis and all the theory stuff. So I have much 
more time to do that if I'm not spending two weeks trying to write the code to just filter 
the data to get to my participants.” (focus group respondent) 

Analysis process:  

“I've worked about four months coding my interviews, and it was horrible, and I'm still 
not being able to find quickly what I need. ….At the same time, I have about 60 hours 
of interviews. I uploaded to an AI. It took an hour to analyse them. And now I just, 
whenever I need a quote that was in my paper, I just ask it. So interview with this 
person around this date, they said something about this, and they just find the 
information.” (focus group respondent) 

“but now I'm going to the stage of sort of the analysis and slowly, eventually discussion. 
So I'm thinking, you know, these are things that I have picked out. Are there any 
theories that I can look at? And that gives me, you know, sort of pointers, and I'm using 
Perplexity, which is connected to the web, so it gives you links that you click and they 
open so they're all like, openable” (focus group respondent) 

Presentation and engagement: 

“I created like, like a character, like bot, …and I programmed it to be like a marketing 
executive designer. So I said, like, I want you to be like this. These are your 
qualifications. These are your skills. Right now, look at my poster and critique it as if 
you were this marketing executive, and these your goals.” (focus group respondent) 

“like developing output or engaging audiences in my research. So example, preparing 
a set of PowerPoint slides. A recently, I've been looking into some programs, like 
typesetting programs that allow you to code, let's say the material you want to put on 
the set of slides” (focus group respondent) 

Expression and writing: Honing academic language/style, especially for international 
students, grammar checker, troubleshooting problems), performing standard tasks like cover 
letters, developing dissemination materials.  

“I ask it ‘tell me all the problems with this chapter’” (survey respondent) 

“I have used it for re proofreading, and it's helped me. And as you done, said, I always 
reread what it comes out, and I'm like, is this what I was trying to say?” (focus group 
respondent) 

 



Supporting reflection and development: develop nascent ideas, hone arguments, 
research and explain complex concepts:  

“I use Claude as a debate partner to help determine weaknesses in my arguments.” 
(survey respondent) 

“Currently it's a bit, it's good, but it's not good enough. But I'm sure the following year is 
going to be like a teacher based on the information you were giving it. This is for me quite 
promising in US. Not a substitute of a teacher, but as a follow up of a class. For example 
you can upload all the papers of the syllabus and you can have certain level of 
conversations of the content of those papers.” (focus group respondent) 

4.2 Acceptability and attitudes to genAI 

Attitudes to genAI could be characterised as a continuum (Fig 4), with somewhat rare cases 
of confident enthusiastic advocates at one end, and a significant group of absolute rejecters 
at the other. About a quarter of survey respondents expressed strong objections to using 
genAI on the grounds of academic and personal integrity, environmental and economic 
impact. The majority of respondents sat somewhere along the continuum – being curious, 
cautious yet concerned about what is appropriate, about data security issues, originality and 
integrity. Based on the survey, we could not detect patterns in these approaches by year of 
study (i.e. more recent starts were not more likely to adopt AI into their workflow). Nor could 
we particular patterns by discipline.  

Figure 4: Attitudes/engagement by PhD students with genAI tools 

PhD students’ relationships and experience with genAI tools were highly individualised, often 
developed through independent experimentation and trial and error, while applying their own 
critical judgement. This process was often creative, as they continued to explore the limits of 
genAI, and it often facilitated reflection on how these technologies might transform the process 
of research more broadly.  



 
4.3 Moral and ethical matters  

Many respondents saw legitimate uses for genAI for:  

• Task alleviation: alleviating mundane or ‘busy’ tasks (e.g. some types of coding, 
troubleshooting, figuring out how to do some technical tasks, formatting documents, 
summarising texts), allowing them to focus on deeper thinking, or more specialist / 
relevant work – importantly there was no clear consensus about what tasks should be 
alleviated.  

• Supporting professional expression and presentation: this ranged from 
proofreading to adjusting writing style, to creating new outputs for specific audiences  

• Supporting idea generation, development, and learning: use as a sounding board, 
getting a quick overview of basic ideas, checking logic and argumentation, organising 
thoughts  

• Helping navigate the demand for specialisation in multiple areas: For example, 
managing large amounts of information, mixing disciplines, creating multiple types of 
outputs in a single PhD e.g. academic publications and non-academic engagement 
pieces.  

 

Use of genAI for data analysis was a key controversy. While some acknowledged that AI was 
already used for transcription, others expressed concern about data security. The process of 
meaning-making from data was still understood to be a core human activity:  

“I'm just grateful that I did my coding before the tools came up, because nobody will 
spend hundreds of hours doing something that they can do in an hour, despite that 
process being essential” (focus group respondent) 

“I would hate to think people will use it to do the coding and the thematic analysis itself, 
because that's what you should be applying your brain to. But it'd be really be useful to 
say, Okay, is there anything you think I might have missed here? And just do us a bit, 
and also where sometimes you want a bit of verification, third party verification.” (focus 
group respondent) 

 

Irresponsible or illegitimate use was commonly agreed to be any kind of original knowledge 
generation, inputting data and your own work to genAI tools, and outsourcing important 
analysis tasks like meaning-making from data, that are seen as crucial to doctoral research.  

Further criticisms and reasons for non-use emerged from AI-critical focus groups, with 
perceptions that AI:  

o Undermines originality (“serves up a vanilla average”) 
o Undermines integrity (“AI wants to please us so badly that it ends up creating 

whatever you want it to create, and it's scary”) 
o Is inefficient (“you get the impression you're saving time because of the novelty of the 

tool. But in fact you may not be”) 
o Is unreliable – it can be used very well or very badly (“AI is like a buffet of good 

ingredients. [...] it's up to you what you make out of those ingredients”) 



o Opens up challenging ethical questions (“you don't need a researcher to interpret 
the output of an AI tool. You kind of more need a priest, you know, like it's a matter of 
faith”) 

And detrimental to wider society: 

o Diminishes human skills (“People stop thinking. People rely on others. And I think 
those are the exact skills that we need to develop”)  

o Undermines the learning and teaching process  
o Environmental impact 
o Social inequalities  
o Concerns about privacy and data ownership, and bias  

 

GenAI use was generally perceived as a matter of personal ethics, the responsibility of the 
individual researcher, but there was consensus that institutions and the social science 
community need to better facilitate ethical practice by providing clearer guidance and an open, 
supportive environment for discussion.  

GenAI use demanded continuous reflection and consideration by PhD students about whether 
what they are doing is appropriate (“ethics doesn't live in the computer, it lives in you and what 
you do”); often this led to substantial anxiety and insecurity (“I'm super hyper nervous about 
it”).  

“I feel like, yes, your PhD is your work is your sole responsibility, but there needs to be a bit 
more. There needs to be a bit more chat about it, and we need to have more of these focus 
groups. We need to have these conversations with our supervisors, which can be quite scary 
as well.” (focus group respondent) 

“there needs to be very clear guidance. It's the responsibility, I think, of the world of academia 
at large.” (focus group respondent) 

 
4.4. Supervisory team dynamics  

 

There was limited discussion of genAI within supervisory teams. Only 20% of survey 
respondents had ever openly talked about it, and these conversations ranged from telling 
students what might/might not be used for, to warning students not to use it, to learning about 
AI tools through their students. However, most of the time silence reigned (“It is a topic that 
kind of feels like a can of worms that no one wants to open”), and students were sometimes 
too nervous of being judged to raise the issue.  

More open conversation on genAI could foster greater cross-generational conversation within 
the academic world, breaking down cultures of hierarchy:   

“So I think supervisors, also, they are the first to experience about this AI environment, right? 
So we can become more like a colleague, partnership to learn” (focus group respondent) 

 

 



4.5 Suggestions for guidance and training 

 
The survey showed that only 21% of genAI users had ever had any guidance or training on 
the topic.  
Guidance was a high priority for everyone, regardless of attitudes to genAI. Positive and 
realistic guidance from universities, targeted at PhD students was requested, which clarifies 
what is appropriate and inappropriate use. This needs to be both internally consistent (to avoid 
conflicting advice from departments, supervisors) and externally consistent across 
universities, disciplinary learned societies and funders like UKRI. Students also wanted to 
participate in the creation and evolution of such guidance.  
 
“So I think that the most important thing and the urgent thing, is exactly even before 
[training], is the set of rules from the university to make clear what is proper use… And then 
if you train people, if you know what is proper use, you can then focus on training people on 
what works, and then just say that.” (focus group respondent) 
 
Training: It was suggested that basic AI literacy and ethics training should be mandatory at 
the start of a PhD, and cover both how AI tools work, and the risks of data access and sharing. 
Some student groups were cautious of mandatory standalone AI training, feeling that this 
should just be embedded in core academic skills training.  

Training should incorporate critical perspectives, and be interactive, discussing potential use 
cases. Ideally this would be cross-generational (i.e. including students and more senior 
academics) and mixed-discipline.  

For students who want to go further, it was suggested a suite of practical, hands training, 
consistent with guidance principles, which would be creative and positive, covering, for 
example:  

o Available tools and how to use them for PhD tasks. Crucially this needs to be 
independent of the companies that create and sell AI software, to support critical 
thinking.  

o A breadth of topics, from the best prompts to use, to more advanced approaches like 
how to program a custom bot  

o Diversity of formats from live / online sessions with lay experts to short videos/ 
community spaces to share tips and tricks  

 

Beyond practical advice, the conversation around AI “seems more like a broader societal 
cultural task” that requires “a bigger conversation about [its] role that in our education system 
and our research system” (focus group respondent).  

 

4.6 Futures: AI in research / beyond the PhD  

Imagined futures for AI in research ranged from catastrophic visioning: the erosion of critical 
thinking skills, cognitive decline, reduced research quality and ethical compromises, to more 
positive futures where greater value was placed on interpersonal, humanistic skills and 
academics embracing new technology to support quality research. On the positive end of the 



spectrum, more confident AI users dismissed the terror that AI will replace the researcher 
function:  

“I've seen the limits, and they are very, very obvious. So first of all, we will never have or not 
in our lifetime, AGI [artificial general intelligence] or anything else that they are saying that is 
coming in 5-10 years to scare us, so we don't have to think before that. And what I'm doing, 
when I'm doing I field work anthropology, so when I'm trying to test my ideas with anything 
theoretical, AI, it’s a competition. When I tested with my ethnography and with my field work, 
it's completely lost. It will never be able to get exactly what is the most important thing of 
anthropologists, that being into the field, observing everything, participant observation.” (focus 
group respondent) 

Students were aware of their ‘transition cohort’ status: “this is the last cohort of PhDs where 
it's going to be kind of the, you know, sort of older both standard traditional style of research 
hand searching.”) and that the education system – at many levels- will transform its function 
and role.  

For their own future career, many students on the positive end of the spectrum felt it was 
imperative to engage with AI technology, be confident about the risks and opportunities and 
have practical skills:  

 “AI skills are now one of the core skills that unis can give us to prepare for the real world as 
well”. (focus group respondent) 

“when it comes to AI, we're not special. I think any sector or industry or profession that we 
look to go into, we'll be using it in some way” (focus group respondent) 

“in the future, I'm looking forward to the panic to subside and academia to start being rational 
in teaching PhDs and whatever level students, to get them the training that they need”. (focus 
group respondent) 



5. Conclusions and recommendations  
This research demonstrated the demand from PhD students to have a voice about the role of 
genAI in social science research, and their desire to help shape future training, guidance and 
policy.  
 

 5.1 What do social science PGR students need?  

Regardless of attitudes to AI, it was felt that a realistic, inclusive and coordinated response 
from supervisors, institutions and other supporting organisations (e.g. funders) was lacking. 
Academic institutions demonstrate a delayed and uneven response to current AI practice, 
when comparing both across universities and within them (disciplines, departments and 
supervisory teams). This combined with external hype about AI is anxiety-producing and 
producing inequalities in student opportunities and experience.  

 
5.2 Key recommendations for institutions and supervisors  

Guidance and policy:  
o Clear and consistent guidance co-designed with PhD students, which outlines the 

principles of appropriate practice, ethical risks and how to avoid them. This could 
include discipline-specific variations and use cases.  

o Clear guidance for declaration of AI use including around assessment (thesis and 
viva).  

o Guidance for others involved in examining PhDs on appropriate use and declaration. 
o To avoid inequality, work to harmonise the accepted standard across the academic 

community.  
o Commitment to an iterative approach as technologies and practices develop.  
o Embed AI considerations into wider processes like ethical approval.  

Training and awareness building:  
o Any training should balance critical discussion of risks with more positive perspectives 

on possibilities.  
o A multi-generational approach to AI training: simultaneously seeking to develop critical 

skills in supervisors and students.  
o Potential mandatory training at the start of the PhD designed to engage students with 

a diversity of perspectives on genAI .  
o Signposting to a suite of more practical and specialised training for different disciplines, 

tasks, tools, given by recognised experts. This should be designed to prepare students 
for future careers in and out of academia.  

o Embed AI conversations into standard PhD processes: supervision meetings, 
inductions, discussion of training needs, writing workshops etc, rather than have it as 
standalone topic people can swerve.  

o Develop a forum or community for AI conversations- a space for students to discuss 
and share ideas.  
 

5.3 Further resources  

o SGSSS live training sessions on critical genAI literacy during the year and at the 
annual summer school (e.g. (https://portal.sgsss.ac.uk/event/social-science-in-the-
age-of-ai-a-critical-guide).  
 

o SGSSS open access resource: Dr Alasdair Stewart has produced open access 
resources to accompany this training, accessible here: 
https://sgsssonline.github.io/genai-guidance/ 

https://portal.sgsss.ac.uk/event/social-science-in-the-age-of-ai-a-critical-guide
https://portal.sgsss.ac.uk/event/social-science-in-the-age-of-ai-a-critical-guide
https://sgsssonline.github.io/genai-guidance/


 
o NCRM resources on AI: https://www.ncrm.ac.uk/resources/AI.php 

 
o FAQs for students: This research led to development of an AI working group across 

ESRC-funded DTPs, and the group created a live set of FAQs targeted at PhD 
students: https://www.spritehub.org/faq-on-the-use-of-ai-in-research 

https://www.ncrm.ac.uk/resources/AI.php
https://www.spritehub.org/faq-on-the-use-of-ai-in-research


Appendix A – Survey  
 

What year did you start your PhD studies?  
o 2024/25 (1)  
o 2023 (2)  
o 2022 (3)  
o 2021 (4)  
o 2020 or earlier (5)  
 
What are your primary social science academic disciplines? (multiple choice) 

▢ Economics (1)  

▢ Anthropology (2)  

▢ Sociology (3)  

▢ Geography (4)  

▢ Social policy (5)  

▢ Education (6)  

▢ Psychology (7)  

▢ Business (8)  

▢ Law (9)  

▢ History (10)  

▢ Area studies / modern languages (11)  

▢ Politics (12)  

▢ Other (13) __________________________________________________ 

 
How is your PhD funded? 

▢ Self-funded (1)  

▢ SGSSS/other ESRC funding (2)  

▢ Institution (3)  

▢ Other funding body or organisation (please tell us below) (4) 
__________________________________________________ 

 
End of Block: About you 
 
Start of Block: About your experience with generative AI tools  
 



Have you ever used generative AI tools as part of your studies?  This could be any kind 
of use e.g just experimenting with different tools or responses, to it being a regular part 
of your workflow.  
o Yes, at least once (1)  
o No, never (2)  
 
Skip To: End of Block If Have you ever used generative AI tools as part of your studies? 

This could be any kind of use e.... = No, never 
 
How frequently, on a scale of 1-5 have you used generative AI tools as part of your PhD 
work? 

 Never (1) 

Very 
infrequently 

(e.g. less than 
monthly) (2) 

Sometimes 
(e.g. monthly) 

(6) 

Frequently 
(e.g. weekly) 

(7) 

Very 
frequently 

(e.g. daily) (8) 

ChatGPT (1)  o  o  o  o  o  
Microsoft 

Copilot (2)  o  o  o  o  o  
Gemini (3)  o  o  o  o  o  

Others 
(please add) 

(4)  o  o  o  o  o  
Others 

(please add) 
(5)  o  o  o  o  o  

Others 
(please add) 

(6)  o  o  o  o  o  
 
 

Have you ever paid for / do you currently pay for subscriptions to these tools? If yes, 
which ones?  
o No (1)  
o Yes, in the past (which ones?) (2) 

__________________________________________________ 
o Yes, currently pay (which ones?) (3) 

__________________________________________________ 
 
 
 



Can you tell us which types of tasks you use these tools for?  

 Research 
design (1) 

Literature 
review/scoping 

(2) 

Coding 
(3) 

Data 
collection 

(4) 

Analysis 
(5) 

Writing 
(6) 

Other 
(7) 

ChatGPT 
(1)  o  o  o  o  o  o  o  

Microsoft 
Copilot 

(2)  o  o  o  o  o  o  o  
Gemini 

(3)  o  o  o  o  o  o  o  
Others 
(please 
add) (4)  o  o  o  o  o  o  o  
Others 
(please 
add) (5)  o  o  o  o  o  o  o  
Others 
(please 
add) (6)  o  o  o  o  o  o  o  

 

  o  o  
 

Is there anything else you use these tools for? Please tell us about the tool and the task.  
________________________________________________________________ 

End of Block: About your experience with generative AI tools  
 
Start of Block: Training and guidance on AI tools 

 
Have you ever had any training or advice on generative AI? If so, where did you get this from?  

o Formal training: Practical tips for how to use generative AI tools (1)  
o Formal training: Ethical aspects of using generative AI tools (2)  
o self-study guidance online (3)  
o advice from peers/fellow students (4)  
o advice from supervisors (5)  
o N/A: Never had any training or advice (6)  
 
 
 

What are your training needs in this area? 
________________________________________________________________ 



 
What is the approach to the use of generative AI within your supervisory team?  

________________________________________________________________ 
 

How can your university best support you in navigating the use of generative AI?  
________________________________________________________________ 
 

Is there anything else you'd like to share with us on this topic? 
________________________________________________________________ 

End of Block: Training and guidance on AI tools 
 

Start of Block: Next steps 
We'd love to gain more in-depth feedback from students on these issues. Would you be 
interested in participating in an online focus group with other students on aspects of 
generative AI? This would take a maximum of 90 minutes, and you would not be paid 
for your time. However any data you provide would help us gather students' perspectives 
and plan training.  
o Yes (1)  
o No (2)



Appendix B – Focus group topic guide  
 

Intro: Welcome Participants 

Introduction of Hosts 

Overview of the Research aims /consent and data security 

 

Practice and attitudes 

• What is our general experience of Gen AI tools? How do you currently use as 
part of your workflow? (prompts: ask about Gen AI for designing research, 
literature review, collecting and analysing data, coding challenges, writing...) 

• Do you have any creative and positive examples of how to use Gen AI tools? 
• What do you think should be the optimal role of Gen AI in PhD research (if at 

all?) 
• If not already covered… Tell us about any reservations you have around 

these tools? 

 

Guidance and training 

• Whose responsibility is it to ensure ethical research practice, and how can we 
build a system that ensures this? 

• For you, what's the best way to get information /guidance/training on use of 
gen AI? Who/ in your opinion is responsible for ensuring responsible use? 
What role do orgs and individuals play?"  

• How have your university or other important institutions responded to gen AI 
tools? Have you taken any training or used guidance? How could this have 
been improved? 

• We want to try to build a guidance resource that is useful for students across 
different universities and disciplines. Thinking about all the information and 
training that is already available to you through your university and other 
places, what are the burning unanswered questions you would like advice or 
guidance on (NOTE: This is to try to build a list of FAQs for students that 
would be useful) 

• Have you discussed use of Gen AI with your supervisory team? How did the 
conversation go and what was the approach taken? 

• How important do you think it is to have an understanding of AI for your future 
career? How do you imagine AI will affect research and practice in the future 
and how can we prepare?  
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